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Abstract:  Statistical features extracted from the  Gray Level Co-occurrence Matrix (GLCM) of liquid crystal textures 

are used to investigate the phase transition temperatures of   nematic liquid crystals p – n Alkyl benzoic acids (nBA) 

where n = 8,9 and10. Textures of compounds are recorded as a function of temperature using Polarizing Optical 

Microscope attached to the hot stage and high resolution camera. In this method, second order statistical parameters – 

contrast, energy, homogeneity and correlation of the sample textures are computed using MATLAB software. The 

changes associated in the values of computed statistical features as a function of temperature is a helpful process to 

identify the phase transition temperatures of the samples. Results obtained from this method are compared with 

literature values of Differential Scanning Calorimetry (DSC) and are in agreement. 

 

Keywords: Alkyl benzoic acids; Optical Polarizing Microscope; phase transitions; textures; Gray Level Co-occurrence 

Matrix. 

                    

I. INTRODUCTION 

Gray Level Co-occurrence Matrix (GLCM) is a widely used texture descriptor and it is proven that results obtained 

from the co-occurrence matrices are better than the other texture discriminations methods [1, 2]. GLCM computes the 

statistical features based on gray level intensities of the image. Such features of the GLCM is useful in texture 

recognition [3], image segmentation [4], [5], image retrieval [6], color image analysis [7], image classification [8, 9], 

object recognition [10, 11] and texture analysis methods [12, 13] etc. Based on the good acceptance of GLCM in 

texture analysis, present work deals with the analysis of microscopic liquid crystal textures using GLCM. Statistical 

features derived from the GLCM of microscopic textures are useful to identify the transition temperatures of the liquid 

crystals. Firstly, in 1998 liquid crystal texture analysis is proposed to investigate the transition temperatures and defects 

in liquid crystals [14 - 19]. They used the different statistical approaches to identify the transition temperatures of liquid 

crystals, such as first statistical moments or parameters: mean, variance, skew ness, kurtosis are used to identify the 

transition temperatures and coherence length diagrams for characterizing the textural patterns, defects in textures. In 

addition to these parameters, the second order statistical parameters from the Gray level co-occurrence matrix of the 

texture [20]: contrast, energy, homogeneity and correlation; Legendre moments etc [21] are used to identify the 

transition temperatures of liquid crystals. First order statistical parameters are calculated from the image intensity 

values with out considering the pixel neighbor relation ship. Computation of Coherence length diagrams and Legendre 

moments of the liquid crystal textures involves the more number of pixels which carries the information relative to the 

spatial position of pixels, but coherence length analysis ignores the boundaries of the textures  and complexity of 

coherence length analysis and Legendre moments methods is high. Therefore to obtain spatial dependence relationship, 

second order statistical parameters which consider the spatial relationship between groups of neighboring pixel 

intensity values are used. The investigation based on statistical parameters of the second kind called Gray Level Co-

occurrence Matrix (GLCM) which extracts textural features based on two pixel intensity values which are in different 
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directions (0
0
,
 
45

0
, 90

0
, 135

0
) and distances (commonly preferred distance is equal to one). GLCM is created from the 

original gray scale image and the parameters calculated from this matrix is a more helpful to understand the details 

about the overall texture content [22, 23]. This kind of work was done for different liquid crystals by considering the 

displacement vector d i.e distance from pixel to its neighbor is equal to one at an angle of 0
0 

such liquid crystals are 

discotic, cholesteric and ferroelectric liquid crystals. In the present work, with the consideration of different offsets (0
0
,
 

d (=1)), (45
0
, d (=1)), ( 90

0
, d (=1)), (135

0
 ,  d (=1)) of GLCM, transition temperatures of nematic liquid crystals p – n 

Alkyl benzoic acids (nBA) where n = 8,9 and10 are identified. Regardless of different offset combinations, features 

extracted from the GLCM identify the transition temperatures of the samples.  

 

Polarizing Optical Microscope (POM) is one of the essential tools for phase identification of newly 

synthesized mesogenic materials, together with Differential Scanning Calorimetry (DSC), Differential Thermal 

Analysis (DTA) , X-ray Diffraction, Electron Spin Resonance (ESR) spectoscopy, Birefringence measurememnts, 

Ultrasonic studies, dialatometry and dielectric techniques etc [24, 25]. Precise phase identification could not easily be 

made by DSC, DTA and X-ray investigation approaches [26, 27]. On the other hand Polarizing microscopy determines 

the both phase type and phase transition temperatures basing on the changes in the characteristics of textural patterns 

which are recorded in an image as a function of temperature between crossed polarizers . However, results obtained 

from this methodology are compared with literature values of Differential Scanning Calorimetry (DSC) and are in 

agreement. 

 

II.  EXPERIMENTAL & THEORITICAL CONSIDERATIONS 

The structural phases and phase transitions are fundamentally determined in this experiment basing on the changes in 

the characteristics of textural patterns which are recorded in an image as a function of temperature. A commercially 

available glass slide is used for sample preparation [20]. Recording the textural images of the samples p, n - alkyl 

benzoic acids (nBA, n = 8, 9 and 10) being supplied by Frinton laboratories, USA has been done by Meopta polarizing 

microscope with attached hot stage described by Gray [28] and camera. The camera, a Canon made, having high 

resolution representing the image with 1936x1288 pixel size depicting 24 bit tonal levels in a true color production 

within the range of 0 to 255 gray levels in each three primary spectral frequency of red, green and blue separately. The 

analysis of liquid crystal textural phases and phase transitions has been carried out on MATLAB platform upon gray 

scale image through different statistical procedures [29].         

       

A.   Texture features extraction from the Gray Level Co-occurrence Matrix (GLCM) 

The co-occurrence matrix which is created from the gray scale image of the liquid crystal textures is used here for 

second order texture feature calculations. 

 

B. Gray Level Co-occurrence Matrixes (GLCM): 

The Gray Level Co-occurrence Matrix (GLCM) is a widely used texture analysis method especially for stochastic 

textures [23,30]. It enhances the details of image and gives the interpretation. The GLCM is a tabulation of how often 

different combinations of pixel brightness values (gray levels) occur in an image. The advantage of the co-occurrence 

matrix calculations is that the co-occurring pairs of pixels can be spatially related in various orientations with reference 

to distance and angular spatial relationships, as on considering the relationship between two pixels at a time. As a result 

the combination of grey levels and their positions are exhibited apparently. Therefore it is defined as “A two 

dimensional histogram of gray levels for pair of pixels, which are separated by a fixed spatial relationship”.    However 

the matrix is sensitive to rotation. With the change of different offsets define pixel relationships by varying directions 

(rotation angle of an offset: 0
0
,
 
45

0
, 90

0
, 135

0
) and displacement vectors (distance to the neighbor pixel: 1, 2, 3 …), 

different co-occurrence distributions are resulted from the same image of reference [30]. 

GLCM of an image is computed using displacement vector d defined by its radius, (distance or count to the 

next adjacent neighbor preferably is equal to one) and rotational angles (0
0
,
 
45

0
, 90

0
, 135

0
). This was explained with 

example given below. For an image shown in Fig. 1(a), intensity values are given in the form of matrix Fig. 1(b), 

generalized GLCM of the image shown in Fig. 1(c) and the GLCM of the images with two angle of rotations are shown 

in Fig. 1(e & f). Where (i, j) represents the number of times a point having gray level j occurs relative to a point having 
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gray level i satisfying the condition satisfied by the displacement vector d. In this paper we have considered the 

displacement vector d defined by its radius is equal to one. 

 

Example:     

 
 

Fig. 1  (a) test image; (b) test image intensity values in matrix form; (c) generalized fromof  GLCM of test image; (d) roation offsets defines 

the pixel spatial relationships;(e) and (f) GLCMs of the image at an angle of 00 and 450. 

 

In above example, each element of Gray level co occurrence matrix represents the probability of occurrence of pixel 

pair.  From the spatial domain GLCM image being an output of second order statistics, again further statistical 

parameters like contrast, energy, homogeneity and correlation are determined by applying respective equations as 

mentioned in the following sections. 

 

C.  Feature extraction from the GLCM: 

An image of GLCM (i ,j) extracts the features based on pixel and its next neighbour pixel in the image [31]. GLCM (i, 

j) is a two dimensional function and it is composed of m pixels in the vertical direction and n pixels in the horizontal 

direction, i, j are horizontal and vertical co - ordinates of the image. The total number of pixels in the image is m*n = N, 

0 ,0i m j n    . Firstly, the intensity contrast between a pixel and its neighbour is determined over an entire 

image. It is known that the similar values of pixels in observation results in low contrast causing a poor dissemination 

of boundaries between features.  This contrast intensity is calculated with the equation  

Contrast:  2

1 1

( ) ( , )
m n

i j

i j GLCM i j
 

       (1) 

Similarly the textural uniformity is obtained with equation (2) as statistical measure energy. This infers that 

maximum constant values or periodic uniformity in gray level distribution will form maximum energy of texture. Clear 

domain of group of textures  is deciphered  on account of higher value in energy  measure. 

Energy:                2

1 1

( ( , ))
m n

i j

GLCM i j
 

                                   (2) 

 

 The closeness of gray levels in the spatial distribution over image is inferred by homogeneity through the 

equation (3). Homogeneous textured image is comprised of  limited range of gray levels and hence, the  GLCM image 

exhibits a few values with relatively high probability . 

Homogeneity:  

1 1

( , )

1

m n

i j

GLCM i j

i j   


       (3) 

Correlation that brings out how correlated a reference pixel to its neighbor over an image, is uncorrelated to 

energy, contrast and homogeneity. The equation for correlation measurement considers the mean and standard 

deviation for row and column in the matrix as shown. 
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Correlation:   

1 1

{ } ( , ) { }m n
x y

i j x y

i j GLCM i j  

  

   




    (4) 

where ,x y   and ,x y   are the mean and standard deviations of probability matrix GLCM along row wise x and 

coloumn wise y. 

III. RESULTS AND DISCUSSION 

The textural features and patterns formed during the course of transition from solid phase to isotropic phase in response 

to temperature are belonged to nematic phase shown in Fig. 2.  

              

                    Fig. 2 Nematic texture of p,nBA mesogens 

GLCMs for the each temperature recording of the textures are computed by considering the different offsets (0
0
,
 
d 

(=1)), (45
0
, d (=1)), ( 90

0
, d (=1)), (135

0
 ,  d (=1)).  The phase transition temperatures for the liquid crystals, derived 

from the parameters of textures are presented in Figs. 3-5. The statistical parameters are related through the plotted 

curves. As a representative case the plots are drawn for heating cycles only. The behavior of the parameters, though 

different for different compounds which depend on the phase transformation and thermal stability of the phase [14, 20]. 

For the Figs. 3-5, the parameter values remained approximately constant as long as there is no change in the textural 

features like isotropic phase or solid phase. Once the phase transformation has taken place, either from isotropic phase 

to the liquid crystal phase or vice-versa, the re-appearance of textures or changes in the textural features at specific 

temperatures would bring abrupt variations in the parameter curves. 
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(a) (b)                  

Fig. 3  Computed parameters from the textures of 8BA as a function of temperature where the phase transitions  are 

        (a) Contrast, Energy , (b) homogeneity, correlation. (Cr – Crystal, N - Nematic, I-Isotropic) 

 In general, in response to temperature the changes in the characteristics of the textures would occur while passing 

through a phase transition [32]. Therefore, the temperature corresponding to abrupt changes in the plotted curves 

indicates the transition temperature of the sample. Hence, the methodology following statistical procedures is an 

efficient technique for investigating the phase transition of liquid crystals. Transition temperatures of the sample 

observed here are compared with literature [33] as shown in table 1. To show that, parameters computed from the 

different offsets of GLCMs textures yields the similar results, the plots are drawn for the compound of 10BA and are 
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shown in Fig 6. It reveals that whatever be the offset angle of rotation, GLCM of the liquid crystal textures are useful to 

identify the textural features and their changes efficiently in order to investigate the phase transitions of the samples.  
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(b)                                                                                           (d)           

Fig. 4  Computed parameters from the textures of 9BA as a function of temperature where the phase transitions  are 

        (a) Contrast, Energy , (b) homogeneity, correlation. (Cr – Crystal, N - Nematic, I-Isotropic) 
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(e) (f) 

Fig. 5  Computed parameters from the textures of 10BA as a function of temperature where the phase transitions  are 

        (a) Contrast, Energy , (b) homogeneity, correlation; (Cr – Crystal, N - Nematic, I-Isotropic) 
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                                                        (a)                                                                                                                           (b) 

In DSC, the abrupt changes in the enthalpy and heat flow values are useful parameters to identify the transition 

temperatures of the samples. Liquid crystal texture analysis in conjunction with POM is a process in which the abrupt 

changes in textural feature values computed from the textures as a function of temperatures are useful to identify the 

transition temperatures of the samples. Both processes are correlated to each other in abrupt changes of their measured 

parameter values.                  

 

                                       
                                                                                                Table 1: Transition temperatures ( 

0
C) of  

                                                                                                                 p – n alkyl benzoic acids (nBA)          

                                                                                                                where n=8 to 10. 
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                    (c)                                                                                   (Cr-Crystal, N-nematic, I-Isotropic)   

Fig. 6  Parameters Contrast, Energy  computed by considering  

           the GLCM offsets  (a) (450, d (=1)), (b)  ( 900, d (=1)), (c)  (1350 ,  

           d (=1))  for 10BA as a function of temperature where the  

           phase transitions are indicated.            

IV .  CONCLUSION 

Present method is successful in identifying the phase transition temperatures of p,n alkyl benzoic acids using statistical 

analysis called Gray Level Co-occurrence Matrix (GLCM). Computational complexity of this method is very less. On 

the other hand method has some disadvantages; it ignores the spatial relationship between the texture patterns and 

sensitive towards image noise.  

 

http://www.ijirset.com/


                    

    ISSN: 2319-8753                                                                                                                               

 

International Journal of Innovative Research in Science,  

Engineering and Technology 

(An ISO 3297: 2007 Certified Organization) 

Vol. 2, Issue 9, September 2013 

Copyright to IJIRSET                                                         www.ijirset.com                                                                 4537 
 

 

ACKNOWLEDGEMENT 

The authors gratefully acknowledge UGC DRS LEVEL III program No.F.530/1/DRS/2009 (SAP-1), dated 09-02-2009 

and DST FIST program No DST/FIST/PSI – 002/2011 dated 20-12-2011, New Delhi, to the department of Physics, 

ANU for providing financial assistance. 

REFERENCES 

[1]   L. S. Davis, "A survey on edge detection techniques", Comp. Graph. and Image Proc., vol. 4,  pp. 248-270, 1975. 

 [2]   De Shuang Huang, D. C. Wunsch , D. S. Levine, K. H. Jo,  “Advanced  intelligent computing theories  and   applications – With aspects  
        of theoretical and methodological issues:, in. Proc.4th International Conference on  Intelligent Computing (ICIC), China, 2008 . 

[3]  R. F. Walker, P. T. Jackway, I. D. Longstaff,  “Recent Developments in the use of co occurrence Matrix for  Texture Recognition”, in  

       Proc. 13th  international Conference on  Digital  Signal Processing,  Brisbane – Queensland  University, 1997. 
[4]  Madhusmita Sahoo. “Biomedical Image Fusion and Segmentation using GLCM”, in. Proc. International Journal of  Computer  

      Application  Special Issue on “2nd National Conference- Computing, Communication and Sensor  Network CCS, pp: 34 – 39,2011. 

[5]  R.C. Gonzalez, R.E. Woods, Digital Image Processing , 2nd ed., India: Prentice Hall, 2002. 
[6]  H. B. Kekre, D. T. Sudeep, K. S. Tanuja,  S. V.  Suryawanshi,” Image Retrieval using Texture Features extracted from GLCM, LBG and  

      KPE” , International  Journal of  Computer  Theory and Engineering., Vol. 2, pp: 1793-8201, 2010. 

[7]   J. F. Haddon,  J F Boyce, “Co-occurrence matrices   for image analysis,”IEEE  Electronics  &Communication Engineering Journal.,  
        Vol. 5, pp:71-83,1993. 

[8]  C. W. D. de Almeida, R.M. C. R. de Souza, A. L. B. Candeias, “ Texture classification based on co-occurrence matrix and self –  

       organizing map”, IEEE  International conference on Systems Man& Cybernetics,  University of pernambuco,  Recife, 2010. 
[9]  R. M. Haralick, S Shanmugam,   I. Dinstein, “Textural  features for image classification”, IEEE Transactions on   Systems, Man and   

      Cybernetics.  SMC., Vol. 3, pp: 610- 621, 1973. 

[10]  J. Flusser ,  T. Suk, “Pattern recognition by affine moment invariants”,  Pattern Recognition., Vol.26,pp:  167-174, 1993. 

[11]  C. H. Lo, H. S. Don, “3D moment forms: Their  construction and application to object identification and positioning”, IEEE   

        Transactions on Pattern Analysis and Machine Intelligence., Vol.11,pp:1053 –  1064, 1989. 

 [12]   G.N.Srinivasan , G. Shobha ,  “Segmrntation Techniques for ATDR”, in .Proc. World  academy  of  science, engineering  and  
         Technology., Vol. 36, pp:2070 – 3740, 2008. 

 [13]   M. Tuceryan. “Moment based texture  segmentation”, Pattern Recognition Letters.,  Vol. 15,  pp:659  – 667, 1994.  

 [14]  B. Montrucchio,  A. Sparavigna,  A. Strigazzi,” A new image processing method for enhancing the detection sensitivity of smooth  
          transitions in liquid crystals”, Liquid Crystals., Vol.24, pp:841 - 852,1998 

 [15]   A. Sparavigna, R. Marazzato, Mapping images with the coherence length Diagrams, 2008. available  

         from http:// arxiv.org/ftp/arxiv/papers/0811/0811.4699.pdf. 
 [16]  A.Sanna,  B.Montrucchio, A.Sparavigna,”A Parallel  Algorithm of Texture Analysis for Liquid Crystal  Investigation” ,Pattern   

        recognition  letters-Elsevier.,   Vol. 20, pp:183  – 190,1999. 

[17]   B. Montrucchio, A. Sparavigna, S. I. Torgova, A. Strigazzi,” A novel order transition inside the nematic phase of trans -4- 
          hexylcyclohexane-1-carboxylicacid discovered by image processing” , Liquid Crystals., Vol.25,pp: 613–620, 1998. 

[18]  J.Eccher, A.R. Sampaio, R. C.Viscovin, G. Conte, E.   Westphal, H. Gallardo,I. H. Bechtold, “Image processing as a tool for phase  

         transitions identification”  Molecular Liquids., Vol.153, pp:162 -166, 2010. 
[19]   A. Sparavigna, A. Mello,B. Montrucchio,” Texture   transitions in the liquid crystalline alkyloxybenzoic   acid 6OBAC”, Phase  

         Transitions.,Vol. 79,pp: 293 –  303, 2006. 

[20]  S. Sreehari Sastry , K. Mallika, B. Gowri Sankara Rao, S T Ha, S. Lakshminarayana, “Identification  of  phase transition temperatures   
        by statistical image analysis,” Liquid Crystals., Vol.39,pp: 695 – 700, 2012. 

[21]    S. Sreehari Sastry , K. Mallika, B. Gowri Sankara Rao, S. T. Ha, S. Lakshminarayana,” Novel approach  to study liquid crystal phase  
          transitions using Legendre moments” PhaseTransitions.,  Vol.85, pp:735 – 749, 2012. 

 [22]  Dhanashree Gadkari. “Image quality analysis uisng GLCM”, Department of Modelling and  Simulation, College of Arts  and Science,  

        Orlando,  Florida: University of  Central Florida, 2004. 
[23]   Fritz Albregtsen, “Texture Measures Computed from GLCM-Matrices”.Ph.D Thesis,  Image  Processing Laboratory, Department  of   

          Informatics, Oslo:  University of Oslo, 2008. 

[24]  D.J. Demus , J. Goodby , G. W. Gray , H.W. Spiess,V. Vill, “Hand Book Of liquid Crystal”, Wiely- VCH, Singapore, 1998.  
[25]  Patrick Oswald, Liquid Crystals - Concepts and Physical Properties Illustrated by experiments, London: CRC  Press, 2006. 

[26]    S. Chandrasekhar , Liquid Crystals, Cambridge: Cambridge University Press, 1992. 

[27]   S. Mohanty, “Liquid crystals – The „fourth‟ phase  of matter”, Resonance.,  Vol.8,pp: 52 – 70, 2003. 
[28]  G. W. Gray,  Molecular Structure and the properties  of  Liquid Crystals, Academic  Press: New York,1962. 

[29]  Introduction to MATLAB – Mathworks, 2008. Availble from: www.mathworks.in/moler/. 

[30] Guneet Saini. Texture Analysis of CT scan images.  M.Tech.thesis. Electrical and Instrumentation Department, Patiala, India : Thapar  
        University, 2008. 

[31]  Mahshid Roumi.  Implementing Texture Feature Extraction Algorithms on   FPGA”, .M.Sc. Thesis: Computer Engineering, Mekelweg  

         4, The Netherlands: Delft University of Technology, 2009.  
[32]  S. Singh ,” Phase transitions liquid crystals”,Physics reports., Vol.324, pp:107 – 269, 2000.     

[33]   K. Vijaya lakshmi, S. Sreehari Sastry , “Induced   smectic-G phase through intermolecular hydrogen  bonding: Part XIX: Influence of   

         p-n- alkyl benzoic  acids on thermal and phase behavior of  hydrogen  bonded liquid crystals”, Bulletin  of  Pure and Applied sciences.,  
        Vol.27, pp:75 –  83, 2008.  

 

 

 

http://www.ijirset.com/
http://www.mathworks.in/moler/


                    

    ISSN: 2319-8753                                                                                                                               

 

International Journal of Innovative Research in Science,  

Engineering and Technology 

(An ISO 3297: 2007 Certified Organization) 

Vol. 2, Issue 9, September 2013 

Copyright to IJIRSET                                                         www.ijirset.com                                                                 4538 
 

 

 

BIOGRAPHY 

 
            The author of the publication is Sri.C.Nageswara Rao, is a Best Teacher Awardee, working as selection  grade lecturer                  

                                                at Govt. Degree College, Vinukonda of Guntur District, Andhra Pradesh, India.  He joind in service as a lecturer in  

                                                1984 through APPSC and did his M.Sc from Sri.Venkateswara University, Thirupathi and M.Phil from Acharya  

                                                Nagrjuna University, Guntur and presently pursuing Ph.D under the guidance of prof.S.Sree Hari Sastry, of Acharya  

                                                Nagarjuna University, Andhra Pradesh.He was awarded Best Teacher in Physics by the Department of Collegiate  

                                                Education in 2012 and awarded Meritorious Teachers Award on  5th Septemb er 2013 from Govt. of Andhara Pradesh.   
                                                His wife is a Gold Medalist working as manager in LIC of India. He blessed with two daughters (State Awardee at                                                  

                                                Collegiate Education), one settled in U.S.A and other at Bangalore with their life partners working in oracle.   
 

http://www.ijirset.com/

