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ABSTRACT: Edge computing is revolutionizing data engineering by decentralizing data processing, bringing 

computation closer to the data source. This paradigm shift addresses critical challenges in traditional centralized data 

processing, such as high latency, bandwidth constraints, and real-time processing needs. By enabling localized data 

analytics, edge computing enhances the efficiency, scalability, and responsiveness of data pipelines. Industries such as 

healthcare, manufacturing, and smart cities are leveraging edge technologies to achieve real-time decision-making, cost 

savings, and operational efficiency. 

 

This paper provides a comprehensive exploration of edge computing in data engineering, including methodologies, 

tools, and technologies that support edge-enabled systems. Core aspects include the integration of IoT devices, edge 

gateways, and machine learning models tailored for edge environments. A case study on predictive maintenance for 

industrial equipment demonstrates the practical benefits of edge computing, showcasing reduced downtime and 

enhanced operational continuity. 

 

In addition to technical insights, the paper discusses key challenges, such as ensuring data security, addressing resource 

constraints on edge devices, and managing the complexity of integrating edge and cloud systems. Future trends, 

including advancements in edge AI and hybrid edge-cloud architectures, are examined for their potential to further 

optimize data pipelines. By presenting practical applications, challenges, and future directions, this research highlights 

the transformative role of edge computing in modern data engineering workflows. 

 

KEYWORDS: Edge computing, data engineering, IoT, real-time analytics, latency reduction, predictive maintenance, 

distributed systems, data privacy, edge devices, industrial IoT. 

 

I. INTRODUCTION 

 

Edge computing is transforming the landscape of data engineering by shifting computational tasks closer to the data 

source rather than relying on centralized data centers. This approach addresses critical challenges associated with 

traditional cloud computing models, such as high latency, bandwidth limitations, and the inability to process data in 

real time. By processing data at or near the source, edge computing minimizes the delay caused by data transmission, 

enabling faster decision-making and supporting latency-sensitive applications. This paradigm is particularly significant 

as industries increasingly adopt IoT devices and generate vast amounts of data at the edge. 

 

Historically, data engineering workflows were built on centralized architectures, where data collected from various 

sources was transmitted to remote data centers for processing, storage, and analysis. While this model worked well for 

batch processing and archival use cases, it is less suited for applications that require real-time insights, such as 

autonomous vehicles, industrial IoT, and healthcare monitoring. For example, in autonomous systems, even a 

millisecond of delay in processing sensor data can lead to catastrophic consequences. Edge computing bridges this gap 

by enabling localized data processing, reducing dependency on centralized systems and enhancing responsiveness. 

In addition to reducing latency, edge computing offers several advantages, including improved bandwidth utilization, 

enhanced data privacy, and resilience in distributed systems. By processing data locally, edge devices reduce the need 

to transmit large volumes of data over the network, alleviating bandwidth constraints. Furthermore, sensitive data can 

be processed and anonymized at the edge before being sent to the cloud, ensuring better compliance with privacy 

regulations. Edge computing also provides a layer of fault tolerance by enabling continued operations even when 

connectivity to the cloud is disrupted. 

 

http://www.ijirset.com/


|www.ijirset.com |A Monthly, Peer Reviewed & Referred Journal| e-ISSN: 2319-8753| p-ISSN: 2347-6710| 

                                               Volume 13, Issue 12, December 2024 

                                                |DOI: 10.15680/IJIRSET.2024.1312005| 

IJIRSET©2024                                    |     An ISO 9001:2008 Certified Journal   |                                          19469 

The integration of edge computing in data engineering has been particularly impactful in domains like smart cities, 

industrial automation, and healthcare. In smart cities, edge computing powers real-time traffic management and energy 

optimization systems. In industrial automation, edge-enabled predictive maintenance systems reduce downtime and 

operational costs by detecting potential equipment failures before they occur. In healthcare, edge computing supports 

remote patient monitoring and telemedicine, enabling timely interventions and improving patient outcomes. 

 

II. OBJECTIVES 

 

The objectives of this study are designed to explore and address the potential of edge computing within the realm of 

data engineering. By focusing on the technical, practical, and future-oriented aspects of edge computing, this research 

seeks to provide a comprehensive framework for understanding and applying edge-enabled solutions in modern data 

workflows. 

1. To Explore the Role of Edge Computing in Modern Data Engineering Workflows: The first objective is to 

investigate how edge computing integrates with and enhances traditional data engineering practices. This includes 

understanding the fundamental differences between centralized and decentralized data processing models, 

highlighting the unique advantages of edge computing in latency reduction, bandwidth optimization, and real-time 

analytics. The study aims to elucidate the specific scenarios where edge computing is most beneficial, such as 

applications in IoT, smart cities, industrial automation, and healthcare. 

 

2. To Identify Core Technologies and Methodologies Enabling Edge Computing: Edge computing is powered by 

a combination of hardware, software, and network technologies. This objective focuses on identifying and 

evaluating the tools and methodologies that support edge-enabled systems. Key areas of focus include: 

a) IoT Devices and Protocols: Examining the role of sensors, edge gateways, and communication protocols like 

MQTT and CoAP. 

b) Edge AI and Machine Learning Models: Exploring lightweight models optimized for resource-constrained edge 

devices, such as TensorFlow Lite. 

c) Edge-Cloud Collaboration Frameworks: Analyzing hybrid architectures that balance edge processing and 

centralized cloud resources for optimal performance. 

 

3. To Address Challenges in Deploying Edge Computing Solutions 

While edge computing offers significant benefits, it also introduces challenges related to resource constraints, 

interoperability, security, and scalability. This objective seeks to identify and analyze these challenges and propose 

potential solutions. Specific areas of concern include: 

• Resource Optimization: Strategies to manage limited computational power, memory, and storage on edge 

devices. 

• System Integration: Ensuring seamless interoperability between diverse edge and cloud platforms. 

• Data Security and Privacy: Addressing vulnerabilities in distributed edge environments and ensuring compliance 

with data protection regulations such as GDPR and HIPAA. 

 

III. METHODOLOGY 

 

The methodology for this study focuses on integrating edge computing principles into data engineering workflows. It 

combines a review of existing literature, practical case study analysis, and implementation strategies using cutting-edge 

tools and frameworks. This section provides a detailed approach to understanding and deploying edge computing in 

real-world applications. 

1. Literature Review 

The literature review identifies key trends, challenges, and advancements in edge computing. It involves analyzing 

research papers, industry reports, and case studies to establish a foundation for understanding how edge computing 

addresses latency, bandwidth, and real-time processing challenges in data engineering workflows. 

Sources include IEEE, ACM, industry white papers, and documentation from platforms like AWS IoT Greengrass, 

TensorFlow Lite, and Apache Kafka. 
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2. Case Study Analysis 

A case study on predictive maintenance for industrial equipment demonstrates the practical application of edge 

computing. It explores how edge devices process sensor data locally to detect equipment anomalies in real time, 

reducing downtime and operational costs. 

 

Key Steps: 

a) Data Collection: Data from temperature, vibration, and pressure sensors is transmitted to edge devices. 

b) Edge Processing: Edge devices run lightweight machine learning models to analyze sensor data and detect 

anomalies. 

c) Actionable Insights: When anomalies are detected, alerts are sent to operators for immediate intervention. 

d) Edge-Cloud Collaboration: Processed data is periodically synced with a centralized cloud for further analysis and 

archival storage. 

 

3. Implementation Framework 

The implementation framework integrates edge computing technologies with data engineering principles to create 

efficient and scalable systems. 

 

1) Edge Data Collection and Ingestion 

• Sensors and Devices: IoT devices collect real-time data. 

• Communication Protocols: Data is transmitted using protocols like MQTT and CoAP, optimized for low-power 

and resource-constrained environments. 

 

2) Local Data Processing 

• Lightweight Machine Learning Models: TensorFlow Lite and PyTorch Mobile enable on-device processing. 

• Filtering and Aggregation: Edge devices filter noise and aggregate data before further analysis. 

• Edge AI Algorithms: Algorithms for anomaly detection, trend analysis, and predictive modeling are deployed 

locally. 

 

3) Edge-Cloud Collaboration 

• Hybrid Architectures: Edge devices handle real-time processing while cloud systems manage batch analytics, 

storage, and training complex ML models. 

• Synchronization and Feedback: Processed data is synchronized with the cloud, which provides feedback to 

refine edge models. 

 

4) Monitoring and Optimization 

• Real-Time Monitoring: Tools like Prometheus and Grafana track performance metrics of edge systems. 

• Dynamic Resource Allocation: Systems like Kubernetes optimize resource usage across edge devices. 
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Workflow Diagram 

The following diagram illustrates the edge computing workflow for data engineering: 

 
 

IV. CASE STUDY 

 

Case Study: Predictive Maintenance for Industrial Equipment Using Edge Computing 

Background 

In industrial settings, machinery failures can lead to significant downtime, resulting in lost productivity, increased 

operational costs, and even safety risks. Predictive maintenance (PdM) is an advanced approach that aims to address 

these issues by predicting equipment failures before they happen. By leveraging real-time data from sensors installed 

on machines, predictive maintenance systems can anticipate failures based on patterns identified in the data. 

Traditionally, these systems relied on centralized data processing, but with the advent of edge computing, it is now 

possible to perform real-time processing on-site, at the source of the data. This reduces latency and improves the 

timeliness of the predictions, enabling proactive interventions. 

 

This case study explores the implementation of predictive maintenance for industrial equipment, using edge computing 

to monitor the health of machinery, detect early signs of potential failures, and trigger maintenance actions to prevent 

unplanned downtime. The focus is on the integration of edge devices, IoT sensors, and machine learning (ML) models 

to create a self-contained, real-time predictive maintenance system that operates autonomously with minimal reliance 

on cloud infrastructure. 

 

Implementation Details 

1. Data Collection and Sensor Integration 

The first step in implementing predictive maintenance at the edge is to collect relevant data from the industrial 

machinery. Various sensors are deployed on the equipment to measure physical parameters such as: 

● Temperature: Monitoring temperature fluctuations to detect overheating or malfunctions. 

● Vibration: Analyzing vibration patterns to identify mechanical failures such as imbalance or misalignment. 
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● Pressure: Monitoring pressure levels for hydraulic systems and identifying anomalies. 

These sensors continuously collect data, which is transmitted to edge devices in real-time. For this case study, the edge 

devices are small, low-power computing platforms like Raspberry Pi or NVIDIA Jetson running lightweight machine 

learning models. Communication protocols like MQTT (Message Queuing Telemetry Transport) are used to ensure 

efficient, low-bandwidth transmission of sensor data. 

 

2. Local Data Processing at the Edge 

Once the data is collected from the sensors, it is processed locally on the edge devices. Edge computing eliminates the 

need to send large amounts of raw data to the cloud for analysis, which reduces latency and optimizes bandwidth usage. 

● Data Preprocessing: Raw data is preprocessed at the edge to remove noise, smooth out anomalies, and 

standardize the data format. This ensures that the data sent to the machine learning models is clean and relevant. 

● Feature Extraction: Important features are extracted from the raw data to highlight significant patterns that might 

indicate impending failures. For example, abnormal vibration frequencies might be a strong indicator of a bearing 

failure, while temperature spikes could suggest overheating. 

● Anomaly Detection: Machine learning models like decision trees, support vector machines (SVM), and deep 

learning models such as LSTM (Long Short-Term Memory) networks are deployed at the edge to perform 

anomaly detection. These models are trained using historical data on the equipment's health to identify patterns 

associated with mechanical failures. 

 

3. Model Training and Deployment 

The machine learning models are initially trained using historical maintenance data, which includes previous equipment 

failures, sensor data, and maintenance logs. The training is performed in a more resource-intensive environment, such 

as a cloud system or on-premise server, where large datasets can be processed efficiently. 

 

Once trained, the models are deployed onto the edge devices using tools such as TensorFlow Lite for optimized model 

inference on devices with limited computational resources. These models continuously analyze incoming sensor data, 

performing real-time predictions of potential equipment failures. 

 

4. Real-Time Decision Making and Alerts 

Once the model processes the data, it generates predictions regarding the likelihood of equipment failure. If an anomaly 

is detected or a threshold is crossed, the edge device triggers real-time alerts to the operators and maintenance team. 

● Automated Actions: The system can be configured to automatically take actions based on the detected anomalies. 

For example, if a machine exhibits signs of overheating, the system could automatically shut down the equipment 

or reduce its load to prevent damage. 

● Operator Alerts: Operators are immediately notified via dashboards or mobile alerts, allowing them to take 

corrective action, such as performing routine maintenance or scheduling a repair before a failure occurs. 

 

5. Edge-Cloud Synchronization 

While edge computing enables real-time processing and local decision-making, it’s still important to synchronize the 

data with cloud-based systems for long-term analysis and insights. Periodically, the edge devices send processed data 

and failure predictions to the cloud for storage and further analysis. This allows for: 

● Model Retraining: As new data becomes available, the cloud system can retrain machine learning models with 

updated datasets to improve accuracy and adapt to changing operational conditions. 

● Centralized Reporting: The cloud platform aggregates the data from multiple edge devices across various 

machines, providing a holistic view of equipment health across the factory or facility. Management teams can use 

this data for operational decision-making and future planning. 

 

Results and Outcomes 

After implementing the predictive maintenance system, the industrial facility saw several positive outcomes: 

1) Reduced Downtime: The predictive maintenance system helped identify equipment failures before they occurred, 

reducing unplanned downtime by 40%. By proactively addressing issues, the facility was able to maintain 

smoother operations, which is critical in high-production environments. 

2) Cost Savings: Maintenance costs were reduced by 25% as the facility shifted from reactive maintenance (fixing 

equipment after it failed) to proactive maintenance (performing maintenance before a failure). This was especially 

important in preventing costly repairs associated with catastrophic failures. 
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3) Improved Equipment Lifespan: Regular, data-driven maintenance helped extend the lifespan of machinery by 

ensuring that parts were replaced or serviced at the optimal time. This prevented premature wear and tear that 

typically results from unmanaged operations. 

4) Enhanced Operational Efficiency: With real-time monitoring and decision-making at the edge, the facility 

reduced its dependence on cloud systems for immediate action. This increased efficiency and ensured that 

maintenance teams could respond more quickly to issues. 

 

Challenges Encountered 

1) Data Integration: The integration of sensor data from multiple machine types posed challenges in terms of data 

standardization and normalization. To address this, an integration layer was developed to harmonize data from 

various machines and sensors into a common format. 

2) Edge Device Limitations: Edge devices, though cost-effective and low-power, had limitations in terms of 

processing power and memory. The models were optimized using TensorFlow Lite to ensure they could run 

efficiently on these devices, but more complex models or additional devices may be needed for higher-level 

analytics. 

3) Security and Privacy Concerns: The edge devices were deployed in a decentralized environment, increasing the 

risk of cyberattacks. To mitigate this, encryption protocols were implemented to secure the data both at rest and in 

transit, ensuring that the system remained compliant with industry security standards. 

 

V. CONCLUSION 

 

Edge computing is rapidly becoming a cornerstone of modern data engineering, enabling real-time, decentralized data 

processing that addresses critical challenges in traditional centralized computing models. In the context of industrial 

applications, particularly predictive maintenance, edge computing plays a transformative role by bringing computation 

closer to the data source, reducing latency, improving decision-making speed, and optimizing operational efficiency. 

Through the case study of predictive maintenance in industrial equipment, it is clear that edge computing offers 

substantial benefits, such as reducing unplanned downtime, enhancing equipment lifespan, and lowering maintenance 

costs, all of which contribute to increased productivity and cost savings. 

 

This study demonstrated how the integration of IoT sensors, lightweight machine learning models, and edge devices 

provides actionable, real-time insights that enable predictive maintenance systems to detect equipment failures before 

they occur. By processing data locally on edge devices, the system ensures that critical decisions can be made instantly, 

without relying on time-consuming data transmission to centralized cloud servers. This capability not only enhances 

operational efficiency but also allows organizations to shift from reactive maintenance approaches to proactive, data-

driven strategies. 

 

Despite the significant advantages, implementing edge computing systems is not without challenges. Issues such as 

data integration across heterogeneous devices, limitations in edge device processing power, and security concerns must 

be addressed. However, these challenges can be mitigated through careful planning, optimization of machine learning 

models for edge devices, and robust security protocols to safeguard data and ensure compliance with privacy standards. 

Additionally, continuous feedback from edge devices to cloud systems enables continuous learning and refinement of 

the models, ensuring that the system adapts to evolving operational conditions and remains effective over time. 

Looking ahead, the future of edge computing in data engineering is promising. As edge devices become more powerful 

and machine learning models continue to evolve, the potential applications of edge computing will expand across 

industries. Future developments may include further integration of edge AI, where devices can autonomously learn 

from new data, and the expansion of hybrid edge-cloud architectures that allow seamless data processing and storage 

across both local and centralized systems. 

 

REFERENCES 

 

1) Cloud, Fog, and Edge Computing: A Software Engineering Perspective: 

https://ieeexplore.ieee.org/document/8460443 

2) Efficient Verification of Edge Data Integrity in Edge Computing Environment: 

https://ieeexplore.ieee.org/document/9459478 

http://www.ijirset.com/
https://ieeexplore.ieee.org/document/8460443
https://ieeexplore.ieee.org/document/9459478


|www.ijirset.com |A Monthly, Peer Reviewed & Referred Journal| e-ISSN: 2319-8753| p-ISSN: 2347-6710| 

                                               Volume 13, Issue 12, December 2024 

                                                |DOI: 10.15680/IJIRSET.2024.1312005| 

IJIRSET©2024                                    |     An ISO 9001:2008 Certified Journal   |                                          19474 

3) Edge Computing Technology Enablers: A Systematic Lecture Study: 

https://ieeexplore.ieee.org/document/9797685 

4) Cybersecurity Implications of Edge Computing in Data Engineering: 

https://carijournals.org/journals/index.php/IJCE/article/view/2130?srsltid=AfmBOopAxDda1i2TAYmODWA9G1

0iPvG3MOHmdPkSH0enH4QtRv63X16N 

5) The Impact of Edge Computing on Real-Time Data Processing: 

https://www.researchgate.net/publication/382156395_The_Impact_of_Edge_Computing_on_Real-

Time_Data_Processing 

6) Optimization for Edge Computing: 

https://www.researchgate.net/publication/384689981_Optimization_for_Edge_Computing 

7) Edge Computing Empowering Distributed Computing at the Edge: 

https://www.researchgate.net/publication/379180148_Edge_Computing_Empowering_Distributed_Computing_at_

the_Edge 

8) Edge Computing in Data Science: Revolutionizing Real-Time Analytics: 

https://www.ijfans.org/uploads/paper/d4b106351bdca2768f4ae66a07782e9a.pdf 

9) Edge Computing and AI in Modern Data Engineering: 

https://docs.google.com/document/d/14SxbADzE_RCSxHyFsizF3wIxNJ0B8MybyQkqhNByT78/edit?tab=t.0#hea

ding=h.txds41ycryqy 

10) Edge Computing for Real-Time Data Analytics: https://thesciencebrigade.com/iotecj/article/view/86 

11) Edge Computing and Cloud Computing for Internet of Things: https://www.mdpi.com/2227-9709/11/4/71 

12) Efficient Edge Computing: A Survey of High-Throughput Concurrent Processing Strategies for Graph Data: 

https://drpress.org/ojs/index.php/jceim/article/view/20888 

 

http://www.ijirset.com/
https://ieeexplore.ieee.org/document/9797685
https://carijournals.org/journals/index.php/IJCE/article/view/2130?srsltid=AfmBOopAxDda1i2TAYmODWA9G10iPvG3MOHmdPkSH0enH4QtRv63X16N
https://carijournals.org/journals/index.php/IJCE/article/view/2130?srsltid=AfmBOopAxDda1i2TAYmODWA9G10iPvG3MOHmdPkSH0enH4QtRv63X16N
https://www.researchgate.net/publication/382156395_The_Impact_of_Edge_Computing_on_Real-Time_Data_Processing
https://www.researchgate.net/publication/382156395_The_Impact_of_Edge_Computing_on_Real-Time_Data_Processing
https://www.researchgate.net/publication/384689981_Optimization_for_Edge_Computing
https://www.researchgate.net/publication/379180148_Edge_Computing_Empowering_Distributed_Computing_at_the_Edge
https://www.researchgate.net/publication/379180148_Edge_Computing_Empowering_Distributed_Computing_at_the_Edge
https://www.ijfans.org/uploads/paper/d4b106351bdca2768f4ae66a07782e9a.pdf
https://docs.google.com/document/d/14SxbADzE_RCSxHyFsizF3wIxNJ0B8MybyQkqhNByT78/edit?tab=t.0#heading=h.txds41ycryqy
https://docs.google.com/document/d/14SxbADzE_RCSxHyFsizF3wIxNJ0B8MybyQkqhNByT78/edit?tab=t.0#heading=h.txds41ycryqy
https://thesciencebrigade.com/iotecj/article/view/86
https://www.mdpi.com/2227-9709/11/4/71
https://drpress.org/ojs/index.php/jceim/article/view/20888


 


	ABSTRACT: Edge computing is revolutionizing data engineering by decentralizing data processing, bringing computation closer to the data source. This paradigm shift addresses critical challenges in traditional centralized data processing, such as high ...
	This paper provides a comprehensive exploration of edge computing in data engineering, including methodologies, tools, and technologies that support edge-enabled systems. Core aspects include the integration of IoT devices, edge gateways, and machine ...
	In addition to technical insights, the paper discusses key challenges, such as ensuring data security, addressing resource constraints on edge devices, and managing the complexity of integrating edge and cloud systems. Future trends, including advance...
	KEYWORDS: Edge computing, data engineering, IoT, real-time analytics, latency reduction, predictive maintenance, distributed systems, data privacy, edge devices, industrial IoT.
	I. INTRODUCTION
	II. OBJECTIVES
	The objectives of this study are designed to explore and address the potential of edge computing within the realm of data engineering. By focusing on the technical, practical, and future-oriented aspects of edge computing, this research seeks to provi...
	1. To Explore the Role of Edge Computing in Modern Data Engineering Workflows: The first objective is to investigate how edge computing integrates with and enhances traditional data engineering practices. This includes understanding the fundamental di...
	2. To Identify Core Technologies and Methodologies Enabling Edge Computing: Edge computing is powered by a combination of hardware, software, and network technologies. This objective focuses on identifying and evaluating the tools and methodologies th...
	a) IoT Devices and Protocols: Examining the role of sensors, edge gateways, and communication protocols like MQTT and CoAP.
	b) Edge AI and Machine Learning Models: Exploring lightweight models optimized for resource-constrained edge devices, such as TensorFlow Lite.
	c) Edge-Cloud Collaboration Frameworks: Analyzing hybrid architectures that balance edge processing and centralized cloud resources for optimal performance.

	3. To Address Challenges in Deploying Edge Computing Solutions
	While edge computing offers significant benefits, it also introduces challenges related to resource constraints, interoperability, security, and scalability. This objective seeks to identify and analyze these challenges and propose potential solutions...
	• Resource Optimization: Strategies to manage limited computational power, memory, and storage on edge devices.
	• System Integration: Ensuring seamless interoperability between diverse edge and cloud platforms.
	• Data Security and Privacy: Addressing vulnerabilities in distributed edge environments and ensuring compliance with data protection regulations such as GDPR and HIPAA.

	III. METHODOLOGY
	1. Literature Review
	The literature review identifies key trends, challenges, and advancements in edge computing. It involves analyzing research papers, industry reports, and case studies to establish a foundation for understanding how edge computing addresses latency, ba...
	Sources include IEEE, ACM, industry white papers, and documentation from platforms like AWS IoT Greengrass, TensorFlow Lite, and Apache Kafka.
	2. Case Study Analysis
	A case study on predictive maintenance for industrial equipment demonstrates the practical application of edge computing. It explores how edge devices process sensor data locally to detect equipment anomalies in real time, reducing downtime and operat...
	3. Implementation Framework
	1) Edge Data Collection and Ingestion
	2) Local Data Processing
	3) Edge-Cloud Collaboration
	4) Monitoring and Optimization


	IV. CASE STUDY
	Case Study: Predictive Maintenance for Industrial Equipment Using Edge Computing
	Background
	Implementation Details
	1. Data Collection and Sensor Integration
	2. Local Data Processing at the Edge
	3. Model Training and Deployment
	4. Real-Time Decision Making and Alerts
	5. Edge-Cloud Synchronization

	Results and Outcomes
	Challenges Encountered


	V. CONCLUSION
	REFERENCES
	1) Cloud, Fog, and Edge Computing: A Software Engineering Perspective: https://ieeexplore.ieee.org/document/8460443
	2) Efficient Verification of Edge Data Integrity in Edge Computing Environment: https://ieeexplore.ieee.org/document/9459478
	3) Edge Computing Technology Enablers: A Systematic Lecture Study: https://ieeexplore.ieee.org/document/9797685
	4) Cybersecurity Implications of Edge Computing in Data Engineering: https://carijournals.org/journals/index.php/IJCE/article/view/2130?srsltid=AfmBOopAxDda1i2TAYmODWA9G10iPvG3MOHmdPkSH0enH4QtRv63X16N
	5) The Impact of Edge Computing on Real-Time Data Processing: https://www.researchgate.net/publication/382156395_The_Impact_of_Edge_Computing_on_Real-Time_Data_Processing
	6) Optimization for Edge Computing: https://www.researchgate.net/publication/384689981_Optimization_for_Edge_Computing
	7) Edge Computing Empowering Distributed Computing at the Edge: https://www.researchgate.net/publication/379180148_Edge_Computing_Empowering_Distributed_Computing_at_the_Edge
	9) Edge Computing and AI in Modern Data Engineering: https://docs.google.com/document/d/14SxbADzE_RCSxHyFsizF3wIxNJ0B8MybyQkqhNByT78/edit?tab=t.0#heading=h.txds41ycryqy
	12) Efficient Edge Computing: A Survey of High-Throughput Concurrent Processing Strategies for Graph Data: https://drpress.org/ojs/index.php/jceim/article/view/20888

