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ABSTRACT: This study explores the application of deep learning techniques to automate the classification of 

recycling materials using webcam images. Leveraging the pre-trained VGG16 and VGG19 convolutional neural 

network (CNN) architectures, fine-tuned on a custom dataset, the research focuses on classifying images of plastic, 

paper, glass, and metal. Data augmentation techniques, including rotation, flipping, and scaling, are employed to 

increase the diversity of the dataset. The pre-trained models are adapted through transfer learning, involving the 

removal of the top layers and the addition of custom dense layers for the specific classification task. Training and 

validation accuracy are tracked throughout several epochs when the models are trained with the Adam optimizer. Test 

results suggest that VGG16 and VGG19 perform comparably in terms of accuracy, with VGG19 demonstrating a small 

advantage in recycling material classification. Additionally, employing webcam images for testing, the models 

demonstrate effective and precise classification abilities in real-time classification scenarios. This study shows how 

important it is to combine state-of-the-art deep learning techniques with practical recycling applications to develop 

more sustainable and effective waste management solutions. 
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I. INTRODUCTION 

 

Recycling helps to lessen the negative effects of human activity on the environment, making it an essential part of 

sustainable waste management techniques. Recycling reduces greenhouse gas emissions, the quantity of garbage 

dumped in landfills, and the need to utilize natural resources by creating new products from discarded items. Efficient 

sorting and categorization of recyclable materials are critical components of the recycling process' effectiveness. A 

circular economy can be aided by the more efficient processing of properly classified resources, It ensures that they are 

properly recycled and used again. Despite its importance, the classification of recycling materials poses several 

challenges. Traditional manual sorting methods are labor-intensive, time-consuming, and prone to human error. The 

task of classifying recyclable materials is further complicated by their heterogeneity in appearance, which includes 

variations in shape, color, and texture. 

 

Image classification has been completely transformed by deep learning, a branch of machine learning. Convolutional 

neural networks (CNNs) are highly handy for the analysis of visual input because they can extract hierarchical features 

from raw pixel values. On challenging image recognition tasks like those in the ImageNet competition, pre-trained 

CNNs like VGG16 and VGG19 have proven to perform extraordinarily well. The ability to extract complex features 

from images is made possible by these models through extensive training on large datasets. 

 

A. Motivation: 
The expanding global garbage dilemma highlights the pressing need for creative ways to improve recycling procedures. 

Traditional manual sorting of recyclables is inefficient, costly, and error-prone, often leading to significant amounts of 

recyclable materials ending up in landfills. This research aims to reduce sorting errors, restrict human labor, and 

promote a circular economy that maximizes resource reuse, driven by the potential impacts of these technologies on 

environmental sustainability. In order to meet the urgent need for more intelligent, effective waste management 
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solutions, recycling facilities must incorporate cutting-edge deep learning models. This is an essential first step in 

achieving these goals. 

 

B. Objectives: 

 This study aims to develop an automated system for the classification of recycling materials using webcam images 

and deep learning techniques. 

 By employing the VGG16 and VGG19 CNN architectures, the study seeks to evaluate their effectiveness in 

accurately identifying various recyclable materials, such as plastic, paper, glass, and metal. 

 The research focuses on the practical application of these models in real-time classification scenarios, leveraging 

data augmentation and transfer learning to enhance performance. 

 The ultimate goal is to demonstrate how deep learning can significantly improve the accuracy and efficiency of 

recycling systems, paving the way for more ecologically friendly waste management strategies.  

 

II. RELATED WORK 
 

This work uses a dataset of 12,873 photos from four classes to demonstrate the efficacy of CNN architectures for 

recycling material classification: glass, metal, paper, and plastic. It trains and tests various CNN models, including an 

8-layer CNN, AlexNet, VGGNet, and InceptionNet. VGG-16, using transfer learning, reaches the maximum testing 

accuracy of 84.6%. The best model is implemented in a Raspberry Pi and an Android application, highlighting the 

possibility of using it for both business and consumer purposes. 

 

Insufficient landfill space has heightened the urgency to reduce waste through recycling, yet low community awareness 

and willingness persist, partly due to challenges in waste categorization. To tackle this, a proposed automated system 

combines algorithms with weight and ultrasonic sensors to categorize recyclable materials (paper, glass, plastic, metal) 

based on their weight and size. This innovation aims to streamline waste sorting, potentially enhancing recycling efforts 

amid regulatory initiatives promoting recycling culture. 

 

This paper proposes an automated system to detect, sort, and classify recyclable waste, aiming to alleviate the costs and 

inefficiencies associated with manual sorting. The system can recognize and categorize waste goods into recyclable 

categories by using Convolutional Neural Networks (CNNs) such as ResNet50, MobileNetV2, and DenseNet in 

conjunction with other Deep Learning techniques.By enhancing waste management practices through automation, this 

approach seeks to foster sustainable waste treatment and recycling practices, potentially yielding significant 

environmental and economic benefits. 

 

A MobileNet model was trained to classify trash into paper, carboard, glass, plastic, metal, and other categories using 

2527 images. Transfer learning from ImageNet was employed, retraining for 500 steps using TensorFlow for Poets. 

The baseline model achieved 87.2% test accuracy, optimized and quantized thereafter. In Android app development, 

the optimized model (89.34% confidence) outperformed the quantized model (1.47% confidence) when tested with a 

plastic image on a Samsung Galaxy S6 Edge+. The app successfully identified cardboard in an image, suggesting 

potential performance gains with more training steps for quantized models. 

 

This paper proposes an automated system using weight and ultrasonic sensors to categorize recyclable waste (paper, 

glass, plastic, metal). By capturing weight and size characteristics, the system aims to streamline waste categorization, 

addressing the challenge of manual sorting inefficiencies. The proposed algorithm optimizes sensor usage, minimizing 

hardware requirements. This approach seeks to enhance recycling efforts by simplifying waste classification, 

potentially improving community engagement and compliance with recycling initiatives through efficient waste 

management practices. 

 

This article focuses on developing an automatic sorting technique for plastic waste to promote recycling and reduce 

processing costs. It addresses to improve efficiency over manual sorting, it tackles the need to categorize plastics—such 

as PS, PP, PE-HD, and PET—using image processing and deep learning approaches. Automated sorting aims to 

streamline recycling efforts by distinguishing plastic types accurately, crucial for both industrial sorting facilities and 

household waste management. This approach leverages artificial intelligence to tackle urban waste challenges, 

emphasizing energy conservation and sustainable resource management. 
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This paper introduces a novel methodology for real-time identification and classification of common waste materials on 

moving belts within waste collection facilities. The proposed system utilizes a convolutional neural network trained on 

a custom dataset of images captured on-site. Based on experimental results, the system outperforms existing algorithms 

with a high accuracy of 92.43% in real-world scenarios. Through the use of this tactic, integrated solid waste 

management systems ought to improve in dependability and effectiveness, offering a potent way to encourage recycling 

and trash processing. 

 

III. METHODOLGY 

 

In order to maximize resource recovery and minimize environmental effect, recyclable material classification is 

essential to sustainable waste management. This work aims to automate the classification of recyclable materials such 

as glass, metal, paper, and plastic by utilizing advances in deep learning and computer vision applications. Utilizing 

convolutional neural networks (CNNs) like VGG16 and VGG19, the study seeks to improve sorting and identification 

accuracy and efficiency for these materials. Effective classification not only streamlines recycling processes but also 

promotes eco-conscious practices essential for preserving natural resources and mitigating waste accumulation in urban 

environments. 

 

                
 

Fig1: Basic Working of the Application 

 

i. Data Collection and Preprocessing: 

Description of the Dataset 

Images concentrating on recyclable materials were gathered from a variety of sources to create the dataset utilized in 

this study. It includes: 

Source: Both on-site collection at trash management facilities and publicly accessible datasets like Trashnet provided 

the photographs for this project. 

Number of Images: The dataset consists of a total of 1000 images covering four main categories of recyclable 

materials: glass, metal, paper, and plastic. 

Types of Materials: The materials within each primary category, the materials are divided into more particular kinds, 

such as distinct plastic kinds and variants in the compositions of glass and metal. 

 

Techniques for Augmenting Data 

Multiple methods of data augmentation were used in order to diversify the datasets and enhance model generalization: 

Rotation: Images were rotated by various angles (e.g., 90 degrees, 180 degrees) to introduce variability in orientation. 

Flip: Horizontal and vertical flips are used to simulate mirror images, enhancing robustness against flipped inputs. 
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Zoom and Crop: Random zooming and cropping are applied to emphasize different parts of the images, ensuring the 

model's ability to recognize features across different scales. 

Brightness and Contrast Adjustment: Random adjustments to brightness and contrast were made to simulate 

variations in lighting conditions. 

 

Preprocessing Steps 

The following preprocessing actions were taken to normalize the data before putting the photos into the neural network: 

Resizing: All images were resized to a uniform size (e.g., 224x224 pixels for VGG models) to ensure compatibility 

with the input layer requirements of the CNN architecture. 

Normalization: Pixel values were normalized to a range typically between 0 and 1 or -1 and 1, improving convergence 

during training and reducing the impact of illumination differences. 

Data Splitting: To test, validate, and train the model simultaneously, avoiding overfitting and allowing for effective 

model performance evaluation. 

 

ii. Model Architecture: 

Overview of VGG16 and VGG19 Architectures 

VGG16 and VGG19 are deep convolutional neural network architectures known for their simplicity and effectiveness 

in image classification tasks: 

VGG16: This model consists of 16 convolutional layers followed by fully connected layers. It uses 3x3 convolutional 

filters throughout the network with max-pooling layers to downsample feature maps. 

VGG19: Similar to VGG16 but deeper, VGG19 incorporates 19 layers (16 convolutional and 3 fully connected layers). 

It includes additional convolutional layers to capture more complex features. 

 

Modifications to Pre-trained Models 

In this study, the pre-trained VGG16 and VGG19 models from ImageNet were fine-tuned for recyclable material 

classification: 

Custom Classification Layers: The new layers designed to categorize recyclable materials into distinct groups (such 

as glass, metal, paper, and plastic) took the place of the last fully connected layers in the original models. 

 

Justification for Selecting These Models 

Proven Performance: VGG models have demonstrated strong performance in various image classification 

benchmarks, making them reliable choices for initial experimentation. 

Transfer Learning Capability: Pre-trained on ImageNet, VGG16 and VGG19 models offer transferable feature 

extraction capabilities, beneficial for adapting to smaller, specialized datasets like recyclable materials. 

Architecture Simplicity: VGG architectures are straightforward and easy to understand, facilitating modifications and 

experimentation with different layers and hyperparameters. 

Comparative Studies: Previous research and benchmarks have established VGG16 and VGG19 as effective baselines 

for comparing against newer, more complex architectures, ensuring robust evaluation of classification accuracy. 

 

iii. Training Procedure 

Data Split 

To make training and evaluating the model easier, the dataset was divided into training and validation sets: 

Training Data: utilized for weight and bias training in the model. usually includes most of the dataset (e.g., 80%). 

Testing Data: Used to tune hyperparameters and assess model performance during training. Usually represents the 

leftover percentage of the dataset, such as 20%. 

 

Hyperparameters 

Learning Rate: Set to a value that balances between convergence speed and stability during training. Commonly 

initialized at 0.001 for fine-tuning pre-trained models like VGG16 and VGG19. 

Batch Size: establishes how many samples are handled in a given cycle. Larger batch sizes can expedite training but 

may require more memory. Typically set to 32 or 64 for efficient GPU utilization. 

Number of Epochs: specifies how many times the neural network will go over the complete dataset while it is being 

trained. Determined empirically based on validation performance, often ranging from 180 to 200 epochs. 
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The model design, computing resources, and features of the particular dataset will all affect these hyperparameters, 

which are only indicative. Fine-tuning these parameters through iterative experimentation and monitoring validation 

metrics ensures optimal model performance and convergence. 

 

iv. Experimental Setup 

Hardware Specifications: 

GPU: An Nvidia GeForce GTX 1050 Ti, renowned for its high-performance processing capabilities in deep learning 

tasks, is used in the experimental setup. By using CUDA cores for parallel computing, the GPU speeds up training 

procedures. 

CPU: The GPU is complemented with an Intel Core i5 processor, which offers strong general computational capacity 

necessary for preprocessing workloads and overall system efficiency. 

RAM: With 8 GB of DDR4 RAM, the system efficiently manages large datasets and supports simultaneous operations 

in memory-intensive tasks. 

 

Software Libraries 
Deep Learning Framework: TensorFlow 1.15.0 is employed for developing and training convolutional neural 

networks (CNNs), specifically VGG16 and VGG19, which are pivotal for the experimental setup's objectives. 

Image Processing: OpenCV serves as the primary library for capturing webcam images, preprocessing frames, and 

facilitating real-time classification. It offers comprehensive tools for image manipulation and computer vision tasks. 

Python Ecosystem: Complementary libraries such as NumPy for numerical operations, Matplotlib for visualization, 

and SciPy for scientific computing enrich the experimental setup, enhancing data handling and analysis capabilities. 

 

Webcam Setup for Real-Time Classification 

Hardware Setup 

Webcam: A Logitech C920 HD Pro Webcam is utilized for capturing live video feed. This webcam provides high-

definition video output suitable for detailed image analysis. 

Steps for Capturing and Processing Images: 

Capture Webcam Feed: OpenCV's VideoCapture module is employed to initialize and retrieve frames from the 

webcam. This module accesses the webcam's video stream, enabling continuous frame capture. 

Preprocessing Images: Each captured frame undergoes preprocessing steps to prepare it for classification: 

Resize: Frames are resized to match the input dimensions required by the trained CNN models (e.g., 224x224 pixels for 

VGG16/VGG19). Resizing ensures consistency in input size and computational efficiency. 

Color Space Conversion: Converting frames from BGR (default format in OpenCV) to RGB format, suitable for 

compatibility with deep learning models and standard image processing workflows. 

Normalization: Pixel values are normalized to a standardized range (e.g., [0, 1] or [-1, 1]) to facilitate model training 

and improve convergence speed. 

Inference: The preprocessed frames are sent into the CNN models that have been trained for inference, where the 

models forecast the categories or class labels of the objects that are collected in real time. Accurate object classification 

is achieved in this stage by utilizing the CNNs' learnt representations and weights. 

Display Results: Post-inference, the classification results are overlaid or displayed on the captured frames using 

OpenCV's text and graphical overlay capabilities. This visualization provides real-time feedback on the objects 

identified by the model. 
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IV. DATASET 

 

 
 

                                        Fig 2: Nonrecyclable                                                  Fig 3: Recyclable                        

 

V. RESULTS 

 

 
 

Fig 4: Results of the recycling material classification  

 

VI. CONCLUSION & FUTURE SCOPE 
 

The study focused on developing and evaluating convolutional neural network (CNN) models, specifically VGG16 and 

VGG19, for the classification of recyclable materials including glass, metal, paper, and plastic. Leveraging a dataset 

sourced from Kaggle comprising 1000 images, the models were trained and fine-tuned using transfer learning 

techniques. Experimental results demonstrated robust performance, with the models achieving high accuracy in 

distinguishing between different recyclable categories. Automated classification systems utilizing deep learning models 

can streamline the sorting process, reducing human error and increasing sorting accuracy. By accurately identifying 

recyclable materials, such systems facilitate efficient resource recovery and recycling, contributing to sustainability 

goals. Automated systems reduce operational costs associated with manual sorting, making recycling economically 

viable and scalable. 

 

Future research in this domain could explore several avenues: 
Enhanced Model Architectures: Investigate more advanced CNN architectures or ensemble methods to further 

improve classification accuracy and robustness.  

Integration of Sensor Data: Combine image data with sensor inputs (e.g., weight, size) for comprehensive waste 

characterization and sorting.  

Real-Time Implementation: Develop real-time systems capable of processing and classifying waste materials on the 

fly, potentially using edge computing platforms for practical deployment. 
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