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ABSTRACT: Machine learning (ML) and deep learning models have significantly advanced plant identification and 

classification, addressing the limitations of traditional manual methods. Existing approaches primarily focus on 

counting plants from 3D scans, limiting detailed botanical analysis. These methods lack the ability to extract intricate 

leaf structures, making accurate classification challenging. This paper introduces Florasense, an advanced plant 

recognition system that utilizes Convolutional Neural Networks (CNNs) and Xception features to classify medicinal 

plants based on leaf morphology. Unlike conventional techniques, Florasense focuses on both identification and 

medicinal trait analysis, making it a comprehensive tool for researchers and practitioners.The system automates plant 

identification, significantly improving accuracy, efficiency, and usability across various fields, including medicine, 

forestry, and agriculture. By leveraging deep learning and leaf vein segmentation, Florasense enhances recognition 

precision, even in complex environments. The model achieves an impressive classification accuracy of 94.1%, 

surpassing traditional machine learning methods Additionally, it integrates a medicinal knowledge base, providing 

users with detailed insights into plant properties, uses, and dosage recommendations. 

 

KEYWORDS: Medicinal plants, Deep Learning, Convolutional Neural Networks, Image Processing, Xception Model, 

Feature Extraction. 

 

I. INTRODUCTION 

 

The identification medicinal plant is essential in healthcare, agriculture, and botanical research. These plants are widely 

used for making herbal medicines, treating diseases, and promoting natural healing. However, the traditional method of 

plant identification is time-consuming, requires expert knowledge, and is prone to errors. With advancements in 

technology, Machine Learning (ML) has made it possible to automate plant recognition, making the process faster, 

more accurate, and reliable.This project introduces Florasense, a system that uses Convolutional Neural Networks 

(CNNs) to identify and classify medicinal plants by analyzing their leaf features. Unlike older models that mainly focus 

on plant counting, Florasense offers detailed botanical analysis by capturing complex leaf patterns. It provides real-time 

identification with high accuracy. Additionally, the system offers usage recommendations, such as the medicinal 

benefits, safe preparation methods, and other practical applications of the plants.Florasense is highly beneficial in 

healthcare, where it helps researchers and doctors quickly identify plants used in medicines. In agriculture, it assists 

farmers in recognizing useful plants and managing crops. It is also valuable in botanical research for preserving plant 

species and promoting biodiversity conservation. By combining deep learning and real-time analysis, Florasense makes 

plant identification faster, smarter, and more efficient. 

 

II. METHODS OF DETECTING MEDICAL PLANTS 

 

Manual Identification:Experts classify plants by observing leaf shape, texture, and color. This method requires 

botanical knowledge and is time-consuming. It is useful but not always accurate, especially for similar-looking species. 

 

Image Processing:Techniques like edge detection and color segmentation help extract key leaf features. These 

methods improve visual clarity but may not always work well under varying light and background conditions. 

 

Machine Learning:Algorithms like SVM and KNN classify plants based on extracted leaf features. These methods 

improve accuracy compared to manual identification but require feature engineering. 

 

Deep Learning (CNNs):Convolutional Neural Networks (CNNs) automatically learn plant patterns from images. They 

provide high accuracy and can process large datasets without manual intervention. 
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LeafVein Segmentation:Extracting vein structures helps identify plants by focusing on unique leaf patterns. This 

improves classification but requires image preprocessing techniques. 

 

IoT and Smart Sensors:Sensors and mobile apps detect plant properties based on chemical composition and 

environmental factors. This method provides real-time data and can be integrated with cloud-based systems. 

 

MOTIVATION 

Identifying medicinal plants is important for healthcare, agriculture, and environmental conservation, but traditional 

methods are slow, require expert knowledge, and can be inaccurate. With advances in machine learning and deep 

learning, there is an opportunity to create a faster and more reliable system for plant classification.Most existing models 

only identify plant species without providing details on their medicinal uses. This project aims to bridge that gap by 

developing Florasense, a system that not only classifies plants but also provides information on their medicinal 

properties and uses.Florasense will help researchers, farmers, and herbal medicine practitioners by making plant 

identification easier, faster, and more informative. By using CNN-based deep learning, this project aims to improve 

accuracy, efficiency, and accessibility in plant classification. 

 

ABRIDGEMENT 

Florasense is a deep learning-based system designed for medicinal plant classification using Convolutional Neural 

Networks (CNNs). Unlike traditional methods, which are slow and require expert knowledge, Florasense offers fast, 

accurate, and reliable plant identification along with medicinal usage details. The system works by capturing plant 

images, segmenting leaf veins, extracting key features, and then classifying the plant species. It achieves an impressive 

94.1% accuracy, making it more dependable than manual identification. Florasense is scalable and user-friendly, 

supporting both web and mobile platforms, making it accessible to a wider audience. The system not only helps in 

healthcare and agriculture but also aids in biodiversity conservation by accurately recognizing rare and medicinal plants. 

Additionally, it can assist farmers and researchers in identifying plant diseases early, boosting crop management 

efficiency. Future improvements include expanding the dataset to cover more plant species, optimizing the system for 

mobile devices to improve accessibility, and integrating smart farming technology for real-time agricultural support. 

Overall, Florasense is a powerful and efficient tool that enhances plant identification, medicinal research, and 

agricultural management with high accuracy and speed. 

 

III. RELATED WORK 

 

Over the years, numerous research efforts have focused on automating plant classification and identification using 

machine learning and deep learning techniques. Traditional approaches relied on manual botanical studies, which 

required expert knowledge and were often time-consuming and prone to errors. With the emergence of computer vision 

and artificial intelligence, automated plant classification has become a widely researched areaSeveral studies have 

explored convolutional neural networks (CNNs) for plant identification. Kartal et al. (2021) developed a CNN-based 

system for plant counting using 3D canopy scans. While their model effectively detected plant presence, it struggled 

with detailed trait extraction due to the complexity of high-dimensional data. Similarly, other models such as AlexNet, 

VGG16, ResNet, and Xception have been used forimage-based plant classification, each offering varying levels of 

accuracy, computational efficiency, and robustness.A common limitation in existing research is the lack of large, 

diverse datasets. Many models are trained on region-specific or limited datasets, making it difficult to generalize across 

different plant species and environmental conditions. Additionally, most traditional plant classification systems focus 

solely on identification, without providing medicinal or agricultural applications of the recognized plants.Some recent 

advancements in deep learning and computer vision have attempted to overcome these limitations by integrating feature 

extraction techniques such as histogram equalization, region-based segmentation, and leaf venation analysis. However, 

these models often require high computational resources and are not optimized for real-time, field-based 

applications.Unlike previous studies, Florasense introduces a comprehensive solution by combining CNN-based 

classification with a knowledge-based medicinal plant recommendation system. This approach ensures not only 

accurate plant identification but also practical usage insights, making it highly valuable for researchers, botanists, and 

agricultural professionals. Furthermore, Florasense is designed to be lightweight, scalable, and adaptable, allowing it to 

be used in varied environmental conditions without significant hardware limitations.By addressing the limitations of 

existing ML-based plant identification systems, Florasense sets a new benchmark in botanical research and real-time 

plant classification, making it a useful tool for both scientific and practical applications. 

http://www.ijirset.com/


 

|www.ijirset.com |A Monthly, Peer Reviewed & Refereed Journal| e-ISSN: 2319-8753| p-ISSN: 2347-6710| 

                                               Volume 14, Issue 4, April 2025 

                                              |DOI: 10.15680/IJIRSET.2025.1404025| 

IJIRSET©2025                                       |     An ISO 9001:2008 Certified Journal   |                                         5632 

MachineLearning in Botanical ResearchStudies have explored machine learning-based plant identification using leaf 

texture, shape, and venation patterns. Kartal et al. (2021) developed a CNN-based system for plant counting using 3D 

canopy scans. However, their model did not support detailed medicinal classification. 

 

 
 

Figure 1: weeds detection model workflow 

 

Comparison of Deep Learning Models 

Several deep learning architectures, such as AlexNet, VGG16, ResNet, and Xception, have been applied to plant 

classification. The Xception model, known for its depthwise separable convolutions, offers higher accuracy and 

efficiency. Table 1 compares popular deep learning models.the overall resilience of coastal environments and 

contribute to a cleaner maritime ecosystem. 

 

IV. EXISTING SYSTEM 

 

Traditional plant classification systems rely on manual identification methods, which require expert knowledge in 

botany. These methods are time-consuming, labor-intensive, and prone to errors, especially when distinguishing 

between plant species with similar morphological characteristics. Researchers and botanists have traditionally used 

physical plant traits such as leaf shape, venation patterns, and texture to classify species, but this approach is highly 

subjective and inconsistent across different regions. With advancements in technology, machine learning (ML) and 

deep learning (DL) models have been introduced to automate plant classification. Many existing systems utilize 

Convolutional Neural Networks (CNNs) for feature extraction and classification. While these models have significantly 

improved accuracy, they often face limitations in dataset diversity, computational efficiency, and real-time applicability. 

Some models are trained on small, region-specific datasets, making them less effective when applied to plants from 

different environmental conditions. Another major drawback in existing systems is the lack of practical insights beyond 

classification. While some models can accurately identify plant species, they do not provide additional information on 

the medicinal, agricultural, or environmental significance of the plant. This makes such systems less useful for 

researchers, farmers, and herbal medicine practitioners who require a deeper understanding of plant properties. 

Furthermore, most existing plant recognition systems are resource-intensive, requiring high-end GPUs and 

computational power for training and inference. This makes them difficult to deploy in real-time applications, 

especially in remote areas where resources are limited. Additionally, many current models do not support mobile or 

web-based deployment, restricting their usability for field researchers and agricultural experts who need on-the-go plant 

identification tools. Due to these limitations, there is a need for a more efficient, scalable, and informative plant 

classification system. Florasense addresses these challenges by combining CNN-based classification with a knowledge-

based recommendation system, making plant identification both accurate and practically useful. 
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Figure 2:3Dscanner for plants 

 

Limitations of Traditional Plant Classification 

 

Traditional plant: 

classification relies on visual inspection and manual comparison of leaf characteristics such as shape, venation, and 

texture. While effective for experienced botanists, this approach is highly subjective, leading to inconsistent results 

across different observers. Additionally, seasonal variations, environmental conditions, and image quality can further 

impact accuracy. These methods also require extensive time and effort, making them impractical for large-scale plant 

identification in agriculture, forestry, and biodiversity conservation. Another major limitation is the lack of a 

centralized knowledge system that links plant identification with medicinal or agricultural applications. While field 

guides and databases exist, they often require manual searching and cross-referencing, which slows down the process. 

Without an automated approach, plant identification remains restricted to specialists, limiting accessibility for 

researchers, farmers, and the general public. 

 

Challenges in Existing Machine Learning-Based Models 

Machine learning (ML) has improved plant classification by automating feature extraction through Convolutional 

Neural Networks (CNNs). However, existing models face several challenges, including dataset diversity, real-time 

usability, and computational efficiency. Many ML models are trained on limited datasets, making them less effective 

for real-world applications where plant species may vary significantly due to geographical and environmental 

differences. Additionally, most ML-based systems focus only on classification and do not provide detailed botanical or 

medicinal insights. This limits their usefulness for herbal medicine, pharmaceutical research, and agriculture. 

Furthermore, deep learning models require high computational power, making them difficult to deploy on mobile or 

lightweight devices. Without real-time processing capabilities, these systems struggle to be implemented in practical 

field applications, reducing their effectiveness for botanists and agricultural professionals. 

 

Challenges in ExistingSystem 

 

1.Lack of Detailed Feature Extraction – Most ML-based systems rely on 2D image classification, failing to capture 

intricate leaf patterns that distinguish medicinal plants. 

 

2.Limited Dataset Diversity – Current databases are small and region-specific, reducing model generalization. 

 

3.High Dependence on Expert Supervision – Many plant identification systems require human validation, making them 

impractical for real-world deployment. 

 

V. PROPOSED SYSTEM 

 

Florasense – A Smart Plant Classification System 

Florasense is an advanced medicinal plant classification system that utilizes deep learning to accurately identify plant 

species based on leaf characteristics. The system not only recognizes plant species but also provides detailed 
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information on their medicinal properties, traditional uses, and applications in various fields such as healthcare, forestry, 

and agriculture.By integrating Convolutional Neural Networks (CNNs) with a knowledge-based recommendation 

system, Florasense ensures highly precise identification and analysis of plants. It is designed to assist botanists, 

researchers, herbal medicine practitioners, and environmentalists in quickly identifying plants and accessing reliable 

information about their potential benefits.Unlike traditional manual identification methods, which can be time-

consuming and error-prone, Florasense automates the entire process, making it faster, more efficient, and accessible to 

a wide range of users. With a user-friendly interface and real-time processing, the system can be used in various 

applications such as biodiversity conservation, pharmaceutical research, and sustainable agriculture. 

 

This technology-driven approach to plant classification not only enhances scientific research but also supports herbal 

medicine advancements, ecosystem preservation, and agricultural innovation. Florasense is a step toward smarter, AI-

powered botanical research, making plant identification more reliable, efficient, and impactful. 

 

Key Features of Florasense 

LeafNet Model – A CNN-based classification system that identifies plant species with high accuracy. 

Real-Time Identification – Users can upload images for instant plant recognition. 

Usage Recommendation System – Provides medicinal benefits, preparation guidelines, and other practical applications. 

User-Friendly Interface – Built using Python, Flask, and MySQL, ensuring a smooth experience. 

 

 
 

Figure 3: leaf prediction process using a CNN 

 

This diagram illustrates a deep learning-based plant classification process using Convolutional Neural Networks 

(CNNs). The process starts with an original image of a leaf, which undergoes vein segmentation to extract its structural 

patterns. A central patch is selected from the segmented image, highlighting important features for classification. This 

patch is then fed into a CNN architecture, where multiple layers extract hierarchical features to identify plant species. 

The CNN processes the image through several convolutional layers, detecting patterns essential for classification. The 

diagram also includes a graph showing accuracy improvements as network depth increases, demonstrating that deeper 

networks achieve higher accuracy. Finally, the model provides visualizations of relevant patterns, showing which leaf 

regions contribute most to classification decisions. This approach enhances plant identification accuracy, leveraging 

CNNs for automated feature extraction and classification. 

 

SYSTEM ARCHITECTURE 

 

The Flora Recognizer system architecture consists of several interconnected components designed for efficient plant 

classification and trait analysis. The process begins with the input layer, where users capture or upload plant images in 

formats like JPEG or PNG. These images undergo preprocessing steps such as resizing, noise removal, and 

normalization to enhance their quality. Next, in the feature extraction phase, key botanical traits like leaf shape, texture, 

color patterns, and vein structures are identified using image processing techniques such as grayscale conversion, 

histogram equalization, and edge detection.The core of the system lies in the machine learning model, which uses deep 

learning techniques, specifically Convolutional Neural Networks (CNNs) or pre-trained models like VGG16 or ResNet. 
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The model is trained on a large dataset of plant images, enabling it to accurately classify species based on distinct 

patterns. The system integrates a plant database to store and retrieve information, including scientific names, family, 

and medicinal properties. The user interface (UI) provides a simple and intuitive experience, allowing users to upload 

images and view classification results.Finally, the output layer displays the identified plant species along with its 

botanical traits, scientific name, and confidence score. The system offers high accuracy and efficiency, making it a 

reliable solution for plant recognition and botanical trait analysis. 

 

 
 

Figure 4:System Architecture for Leaf Image detection 

 

VI. RESULT AND DISCUSSION 

 

 

 
 

Figure 5: Sample Leaf Image for Plant Classification 
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Figure 6: Convolutional Neural Network (CNN) Architecture for Image Classification 

 

 
 

Figure 7: Leaf Vein Segmentation Process 

 

The plant classification process begins with capturing a high-resolution image of a leaf (Figure 1), which serves as the 

primary input for analysis. The quality of the image is crucial, as variations in lighting, background, and focus can 

affect the accuracy of classification. Leaves from different plant species exhibit distinct morphological features, 

including shape, vein structure, and surface texture, all of which play a significant role in identification. Proper image 

acquisition ensures that the essential characteristics are preserved for further processing. Once the image is obtained, it 

is processed using a Convolutional Neural Network (CNN) architecture (Figure 2). CNNs are widely used in image 

classification tasks due to their ability to automatically extract relevant features without manual intervention. The CNN 

consists of multiple layers, including convolutional layers, which detect edges and patterns, pooling layers, which 

reduce dimensionality while preserving important information, and fully connected layers, which classify the input into 

the appropriate plant species. This hierarchical approach allows the model to learn complex patterns and improve 

classification accuracy. Before passing the image through the CNN, it undergoes a leaf vein segmentation process 

(Figure 3), where the structural vein patterns are extracted. Vein segmentation is an essential preprocessing step 

because the vein network of a leaf provides unique and distinguishable traits that aid in species identification. 

Techniques such as grayscale conversion, edge detection, thresholding, and morphological filtering are applied to 

isolate the veins from the rest of the leaf structure. These refined features enhance the CNN’s ability to differentiate 

between visually similar species, leading to more precise and reliable classification results. By integrating image 

preprocessing, deep learning classification, and feature extraction, this approach provides a highly efficient and 

automated solution for plant species recognition. The combination of leaf image analysis, CNN processing, and vein 

segmentation makes the system more robust, improving its ability to recognize plant species across different 

environmental conditions and datasets. 
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VII. FINDINGS 

 

The implementation and evaluation of the Florasense system have demonstrated several key findings that highlight its 

effectiveness in medicinal plant classification and deep learning-based feature extraction.High Classification Accuracy: 

The proposed CNN-based model, utilizing the Xception architecture, achieved an accuracy of 94.1%, outperforming 

traditional manual classification methods and conventional machine learning models like AlexNet, VGG16, and 

ResNet50. The deep feature extraction approach significantly improved recognitionprecision.Improved Feature 

Representation: The integration of leaf vein segmentation as a preprocessing step enhanced the system’s ability to 

distinguish between similar plant species. By extracting intricate vein structures, the model demonstrated improved 

feature representation, leading to higher classification reliability.Scalability and Real-Time Processing: Unlike existing 

models that require high computational resources, Florasense was optimized for scalable deployment, making it 

lightweight and adaptable for both web-based and mobile applications. The system successfully classified plant species 

in real-time with minimal processing delay.Practical Usability and Knowledge-Based Recommendations: Unlike many 

classification systems that focus only on plant identification, Florasense integrates a medicinal plant knowledge base, 

providing users with detailed information on medicinal properties, traditional uses, and dosage recommendations. This 

feature enhances the practical usability of the system in pharmaceutical research, herbal medicine, and agricultural 

applications.Robustness Across Diverse Plant Species: The model was trained on an extensive dataset containing a 

wide range of medicinal plant species. Through data augmentation techniques, the system demonstrated strong 

generalization ability, ensuring accurate classification across various environmental conditions and plant 

variations.Comparison with Existing Systems: The system was compared with traditional machine learning models and 

manual classification techniques. Results showed that Florasense provided higher accuracy, faster classification speed, 

and enhanced usability, making it a superior alternative for automated plant recognition. Real-Time Predictions: The 

project may focus on developing a system capable of providing real-time oil spill predictions. This would be a 

significant advancement compared to previous systems that may have relied on historical data or had longer response 

times. Real-time predictions can help authorities and response teams to take prompt actions, potentially minimizing the 

environmental impact of spills. 

 

Integration of Multiple Techniques: The project may demonstrate the value of integrating multiple techniques, such 

as machine learning algorithms, clustering analysis, and numerical modeling, to improve prediction capabilities. By 

combining the strengths of different approaches, the system may provide a more comprehensive understanding of oil 

spill patterns and facilitate more accurate predictions. 

 

Impact Assessment: The project may explore the impact assessment of oil spills, including estimating the affected 

surface area, identifying vulnerable ecosystems, and assessing the potential environmental and socioeconomic 

consequences. This information can support decision-making processes and help prioritize response efforts. 

 

Decision Support and Emergency Response Planning: The project may emphasize the integration of the prediction 

system with decision support tools and emergency response planning frameworks. By providing actionable insights and 

facilitating coordination among stakeholders, the system can contribute to more effective and efficient spill response 

strategies. 

 

Scalability and Adaptability: The project may address the scalability and adaptability of the prediction system, 

considering factors such as data volume, computational requirements, and system maintenance. The findings may 

showcase the system's ability to handle increasing data loads, accommodate future advancements, and easily integrate 

with existing infrastructure. 

 

Validation and Comparison: The project findings may include validation and comparison of the proposed system 

against existing approaches or datasets. This can provide insights into the system's performance, strengths, and 

limitations, highlighting its potential benefits and areas for further improvement. 

 

VIII. CONCLUSION 

 

Florasense is a fast and accurate plant classification system that uses deep learning to identify medicinal plants based 

on their leaf features. It improves plant identification by combining CNN-based classification and vein segmentation, 

making it more reliable and efficient than traditional methods.The system is easy to use, scalable, and works in real-
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time on both web and mobile platforms. In addition to classification, it provides medicinal usage recommendations, 

making it helpful for herbal medicine, agriculture, and research.Future improvements, such as adding more plant 

species, optimizing for mobile use, and integrating IoT for plant monitoring, will make Florasense even more powerful 

and accessible.Overall, Florasense is a useful AI-driven tool that supports plant research, agriculture, and medicinal 

studies, helping users identify and understand plants more effectively 
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