
International Journal of Innovative Research in Science 

 Engineering and Technology (IJIRSET) 

(A Monthly, Peer Reviewed, Refereed, Scholarly Indexed, Open Access Journal) 

 

         Impact Factor: 8.699 Volume 14, Issue 2, February 2025 

 

 



|www.ijirset.com |A Monthly, Peer Reviewed & Refereed Journal| e-ISSN: 2319-8753| p-ISSN: 2347-6710| 

                                               Volume 14, Issue 2, February 2025 

                                              |DOI: 10.15680/IJIRSET.2025.1402058| 

IJIRSET©2025                                      |     An ISO 9001:2008 Certified Journal   |                                          1414 

Smart Health Monitor: Using AI Precision  
 

Prof.Dr.R.V.Babar1, Prof.Anushka Joshi2, Siddhi Satkar3, Dhairyashil Narute4, Nilambari Gosavi5, 

Prathmesh Wagh6
 

Department of Artificial Intelligence and Data Science Engineering, SRTTC Campus Faculty of Engineering, Kamshet, 

Pune, India1,2,3,4,5,6

 

ABSTRACT: Skin diseases, including life-threatening conditions like melanoma, are a significant global health concern. 
Early and accurate diagnosis is critical for improving patient outcomes. Traditional dermatological methods, such as 
clinical examination and histopathological analysis, are often time-consuming and require expert interpretation. In recent 
years, deep learning-based approaches, particularly Convolutional Neural Networks (CNNs), have shown promising 
results in automated skin disease detection. This research focuses on developing a CNN-based model for skin lesion 
classification, leveraging the HAM10000 dataset, which consists of seven major skin disease categories. The proposed 
model is trained using data augmentation and hyperparameter tuning techniques to enhance its generalization ability. 
With multiple convolutional layers for feature extraction and fully connected layers for classification, the system achieves 
high accuracy in distinguishing between malignant and benign skin lesions. Evaluation metrics, including accuracy, 
precision, recall, and F1-score, are used to validate the model’s performance. Additionally, Grad-CAM (Gradient-
weighted Class Activation Mapping) is implemented to provide visual explanations, improving the interpretability of the 
AI-driven diagnosis. This study demonstrates that deep learning can significantly improve the speed and accuracy of skin 
disease detection, making it a valuable tool for dermatological diagnosis. The integration of such models into mobile 
health applications and telemedicine platforms could enable real-time, accessible, and cost-effective diagnosis, 
particularly in remote and underserved regions. Future research will focus on expanding dataset diversity, improving 
model robustness, and integrating multimodal AI approaches for enhanced predictive accuracy. 
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I. INTRODUCTION  
 

Skin diseases are among the most prevalent health concerns worldwide, affecting millions of people every year. They 
range from benign conditions such as common moles and keratosis to life-threatening diseases like melanoma, a highly 
aggressive form of skin cancer. Early detection plays a crucial role in determining patient outcomes, as timely diagnosis 
and treatment significantly reduce mortality rates. However, traditional methods of diagnosing skin diseases rely heavily 
on clinical examination by dermatologists and histopathological analysis, which can be time-consuming, subjective, and 
prone to human error. With the rapid advancements in artificial intelligence (AI) and deep learning, particularly in 
computer vision, automated skin disease detection has emerged as a promising solution to assist medical professionals. 
Convolutional Neural Networks (CNNs), a class of deep learning models specifically designed for image processing, 
have demonstrated remarkable success in medical image analysis, including radiology, ophthalmology, and dermatology. 
These models can learn intricate patterns from dermoscopic images, enabling accurate classification of various skin 
lesions without the need for manual feature extraction. 
 

The primary objective of this research is to develop a deep learning-based model using CNNs for the automated detection 
and classification of skin diseases. The study utilizes the HAM10000 dataset, a well-known publicly available dataset 
containing over 10,000 high-resolution dermoscopic images of different types of skin lesions. The dataset covers seven 
major categories of skin conditions, including melanoma, basal cell carcinoma, and benign nevi, among others. By 
training a CNN model on this dataset, the goal is to achieve high accuracy in distinguishing between malignant and 
benign skin lesions, thereby aiding in early detection and diagnosis. Despite the promising capabilities of CNNs, several 
challenges exist in applying deep learning to skin disease classification. The high intra-class similarity (where different 
diseases have similar visual characteristics) and inter-class variation (where the same disease can appear differently across 
patients) make classification difficult.  
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This paper presents a systematic approach to training, evaluating, and optimizing a CNN-based model for skin disease 
classification. The results demonstrate that deep learning can effectively differentiate between various skin conditions, 
offering a cost-effective, scalable, and accessible solution for dermatological diagnosis. The integration of such AI-driven 
models into clinical practice and mobile health applications could revolutionize dermatology by providing faster and 
more accurate diagnoses, ultimately improving healthcare outcomes for patients worldwide. 
  

II. RELATED WORK   
  
In this section, we explore various research studies relevant to our work. The primary focus of this paper is  the 
development of a Smart Health Monitoring System using AI precision to detect and predict health anomalies at an early 
stage. This system leverages advanced AI algorithms, sensor technology, and data analysis to monitor vital signs and 
provide real-time health insights.  
1.AI-Based Health Prediction Systems 

 Previous works in health monitoring have used machine learning algorithms such as Support Vector Machines 
(SVMs),K-Nearest Neighbours (KNN), and Random Forests for predicting various health conditions.   
2.AI Precision in Diagnosis  
The use of Convolutional Neural Network (CNNs) has proven effective for diagnosing chronic diseases such as 
diabetes,hypertension,and respiratory disorders. These models learn from past data and predict future health risks with 
high accuracy.  
 

III. PROPOSED SYSTEM  
   

The proposed system is an AI-driven skin disease detection model that utilizes Convolutional Neural Networks (CNNs) 
to classify skin lesions into different disease categories. The system is designed to automate the diagnosis process, 
reducing the dependency on manual dermatological assessments while improving speed, accuracy, and accessibility. This 
system can be integrated into clinical settings, mobile applications, and telemedicine platforms, enabling early detection 
and timely medical intervention. 
The system follows a structured pipeline, starting from data acquisition and preprocessing, followed by CNN-based 
feature extraction and classification, and ending with disease prediction and visualization. The following sections outline 
the key components of the proposed system. 
 

Advantages of the Proposed System: 
1. Early Detection: Enables faster and more accurate skin disease diagnosis. 
2. Automation: Reduces reliance on manual examination by dermatologists. 
3. Scalability: Can be deployed across clinics, hospitals, and mobile devices. 
4. High Accuracy: Utilizes deep learning to outperform traditional machine learning approaches. 
5. User-Friendly: Can be integrated into applications for easy accessibility. 
 

 

 

Fig.1 Block Diagram of Proposed Model 
  
The proposed model’s block design is presented in Figure 1.It encompasses user registration,value processing and 
accumulation within the processor,data collection for processing, and the classification of data into two categorisation 
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Data and Training Data. The Testing Data complements the processed data by providing additional information. The 
system synchronizes prior. Values and processes the application for disease prediction using a likely analysis based on 
Training Data, which consists of historical data values. These two datasets are input into a neural network algorithm. 
Upon completion, the algorithm generates results that displayed to the user.  
 

1.Deep Learning   
CNN or Convolutional Neural Network is one of the official and popular algorithms used for image classification. CNN 
is an algorithm that classifies images from a dataset.    
 

     

 

 

Fig.2 Block Diagram of CNN 

 

STEPS OF CNN:-   
i.Load the dataset: The dataset used in this study is the HAM10000 dataset, a comprehensive collection of over 
10,000 dermoscopic images of skin lesions. The dataset is categorized into seven different classes: 
1. Actinic keratoses 

2. Basal cell carcinoma 

3. Benign keratosis-like lesions 

4. Dermatofibroma 

5. Melanocytic nevi 
6. Melanoma 

7. Vascular lesions 

 

ii.Preprocess data: 
1.Image Resizing: All images were resized to 224x224 pixels to ensure uniformity across the dataset. 
2.Normalization: Pixel values were scaled to the range [0, 1], improving model convergence during training. 
3.Data Augmentation: Techniques such as random rotation, flipping, and zooming were applied to augment the training 
dataset and reduce overfitting. 
 

iii.CNN Architecture:The CNN model architecture was designed to automatically learn relevant features from skin 
lesion images. It consists of the following components: 
1.Convolutional Layers: These layers apply filters to detect low-level features such as edges and textures. 
2.Max-Pooling Layers: These layers downsample the feature maps, retaining important features while reducing the spatial 
dimensions. 
3.Fully Connected Layers: These layers are used for final classification after feature extraction. 
4.Softmax Output Layer: This layer produces a probability distribution across the seven lesion categories. 
 

iv.Compile the model: Loss function, optimizer and evaluation as loss function, optimizer Example of Convolutional 
Neural Network (CNN) Algorithm.   
  

IV. FUTURE SCOPE 

  
The potential for deep learning in skin disease detection is vast, and there are several areas where advancements can 
improve its accuracy, efficiency, and real-world applicability. One of the key areas for future research is enhancing model 
performance through transfer learning. Instead of training CNN models from scratch, researchers can leverage pre-trained 
networks like ResNet, InceptionV3, or EfficientNet, fine-tuning them on dermatological datasets to improve accuracy 
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and generalization. Beyond classification accuracy, future research should explore real-time processing and AI 
deployment in resource-constrained environments. As AI continues to evolve, it holds immense potential in 
revolutionizing dermatology by making skin disease detection faster, more accurate, and accessible to a larger population. 
With improvements in dataset diversity, model explainability, mobile integration, and real-world clinical validation, deep 
learning-based dermatological diagnosis could become a mainstream tool for early disease detection, ultimately 
improving patient outcomes and reducing the global burden of skin-related conditions. 
 

V. RESULTS AND DISCUSSION 

 

 

 

The image shows the main screen of the system which consists of multiple components. The choose file button allows 
the user to provide an image as input to the system. It allows the user to browse through the image files in the system and 
select an image from the options available. The predict button will convert this input image to further process of prediction 
and then display the result. 

 

VI. CONCLUSION  
   
In this project, we have investigated the application of Convolutional Neural Networks(CNNs) for skin disease detection 
and classification. The study utilizes the HAM10000 dataset, comprising diverse dermoscopic images of skin lesions 
categorized into seven disease classes. Through a well-structured CNN model, we achieved a high accuracy of 
80%,demonstrating the potential of deep learning for automated skin disease diagnosis. Our findings highlight the 
advantages of using CNNs in dermatology, particularly in the early detection of melanoma and basal cell carcinoma, 
which are among the most dangerous skin conditions. The model successfully identified malignant lesions with high 
recall and precision, making it a valuable tool for assisting dermatologists in clinical decision-making.Moreover,data 
augmentation techniques improved model generalization, reducing the risk of overfitting an enhancing its robustness 
across different skin types and lesion variations. 
 

However, the study also revealed some limitations. The model struggled with benign lesions such as dermatofibroma and 
keratosis-like lesion, leading to misclassifications. This suggests the need for larger and more diverse datasets, better 
feature extraction techniques, and advanced CNN architectures like ResNet or EfficientNet.Additionally,integrating 
explainable AI(XAI) techniques can provide better interprability,helping medical professionals understand the reasoning 
behind the model’s predictions. 

 

REFFRENCES   
 

[1]. Muhaba, A., Dese, K., Aga, T. M., Zewdu, F. T., & Simegn, G. L. (2021). Automatic skin disease diagnosis using 
deep learning from clinical image and patient information. Skin Health and Disease. 
[2]. Srinivasu, N., Gnana SivaSai, J., Ijaz, M. F., Bhoi, A. K., Kim, W., & Kang, J. J. (2021). Classification of skin disease 
using deep learning neural networks with MobileNet V2 and LSTM. PubMed Central. 
[3]. Praba, R., Darshan, G., Roshanraj, K. T., & Surya Prakash, B. (2021). Study on machine learning algorithms. 
International Journal of Scientific Research in Computer Science, Engineering and Information Technology, 7(4), 67–72.  

http://www.ijirset.com/


|www.ijirset.com |A Monthly, Peer Reviewed & Refereed Journal| e-ISSN: 2319-8753| p-ISSN: 2347-6710| 

                                               Volume 14, Issue 2, February 2025 

                                              |DOI: 10.15680/IJIRSET.2025.1402058| 

IJIRSET©2025                                      |     An ISO 9001:2008 Certified Journal   |                                          1418 

 

[4]. Ayeni, J. A. (2022). Convolutional neural network (CNN): The architecture and applications. Applied Journal of 
Physical Science, 4(4), 42–50.  
[5]. Tammina, S. (2019). Transfer learning using VGG-16 with deep convolutional neural network for classifying images. 
International Journal of Scientific and Research Publications, 9(10), 143–150.  
[6]. Hamidi, A., Khemgani, S., & Bensid, K. (2020). Transfer learning using VGG based on deep convolutional neural 
network for finger-knuckle-print recognition. Journal of Theoretical and Applied Information Technology, 98(13), 2557–
2569.  
[7]. Asriny, D. M., & Jayadi, R. (2020). Transfer learning VGG16 for classification orange fruit images. Journal of 
Information Systems Engineering and Business Intelligence, 6(2), 110–116.  
[8]. Krishna, S. T., & Kalluri, H. K. (2019). Deep learning and transfer learning approaches for image classification. 
International Journal of Recent Technology and Engineering, 7(5S4), 427–432. 

http://www.ijirset.com/


 


	KEYWORDS: Skin Disease Detection, Convolutional Neural Networks (CNNs), Deep Learning, Skin Lesion Classification, Melanoma, Medical Image Analysis, HAM10000 Dataset, Explainable AI, Telemedicine, Dermatology Automation.
	I. INTRODUCTION
	II. RELATED WORK
	2.AI Precision in Diagnosis

	III. PROPOSED SYSTEM
	1.Deep Learning
	STEPS OF CNN:-

	VI. CONCLUSION
	REFFRENCES

